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FK1. BN O] 5 A =R O TS EE O FLifk

Time 5 5r5E0 Tl 10 535 7l 20 435D Tl
% Method  ZolRE  BESEE  ZomR O BESEE R BRESEER
1A R¥MAE) R?*(MAE) R?®(MAE) R?(MAE) R?(MAE) R?(MAE)
2018 4 ARIMA 0.86(0.27) 0.87(0.25) 0.81(0.32) 0.81(0.31) 0.74(0.38) 0.72 (0.40)
7H VAR 0.80 (0.30) 0.83(0.27) 0.73(0.35) 0.75(0.33) 0.66 (0.39) 0.63 (0.38)
I-5H  Rp 0.87 (0.22) 0.89(0.21) 0.83(0.27) 0.85(0.25) 0.82(0.27) 0.84 (0.26)
SVM  0.85(0.24) 0.85(0.24) 0.83(0.26) 0.83(0.26) 0.81(0.29) 0.80 (0.29)
XGB  0.87(0.23) 0.88(0.22) 0.83(0.27) 0.85(0.25) 0.81(0.29) 0.82(0.28)
FFNN  0.74(0.34) 0.75(0.35) 0.66 (0.40) 0.74 (0.35) 0.75(0.36) 0.71 (0.39)
DNN  0.83(0.28) 0.85(0.27) 0.80(0.32) 0.79(0.31) 0.74(0.37) 0.77 (0.34)
2018 45 ARIMA  0.77 (0.31) 0.91(0.20) 0.68 (0.39) 0.84 (0.27) 0.60 (0.45) 0.75 (0.34)
7H VAR 0.65(0.45) 0.88(0.25) 0.57(0.50) 0.83(0.30) 0.53 (0.51) 0.73 (0.34)
12-18 H Ry 0.80 (0.31) 0.93(0.18) 0.77(0.36) 0.90(0.21) 0.75 (0.38) 0.87 (0.26)
SVM  0.78(0.35) 0.88(0.26) 0.76(0.37) 0.85(0.30) 0.75(0.39) 0.79 (0.34)
XGB  0.82(0.29) 0.94(0.17) 0.79(0.33) 0.91(0.21) 0.82(0.29) 0.94(0.17)
FFNN  0.72(0.42) 0.86(0.28) 0.72(0.41) 0.83(0.32) 0.70 (0.42) 0.76 (0.37)
DNN  0.79(0.35) 0.89 (0.26) 0.76 (0.40) 0.84 (0.31) 0.69 (0.44) 0.74 (0.39)
2018 45 ARIMA  0.76 (0.34) 0.90 (0.24) 0.70 (0.41) 0.84 (0.30) 0.65 (0.45) 0.76 (0.37)
8 H VAR 0.67 (0.40) 0.82(0.27) 0.61 (0.45) 0.76 (0.31) 0.30 (0.45) 0.45 (0.36)
20-26 H Rrp 0.84 (0.25) 0.90(0.19) 0.82(0.29) 0.87(0.23) 0.82(0.30) 0.83 (0.26)
SVM  0.80(0.31) 0.87(0.23) 0.77(0.35) 0.84(0.26) 0.74 (0.38) 0.81 (0.29)
XGB  0.83(0.27) 0.90(0.19) 0.82(0.29) 0.87(0.23) 0.81(0.31) 0.82(0.27)
FFNN  0.78 (0.32) 0.84(0.25) 0.52(0.51) 0.79(0.30) 0.71(0.38) 0.77 (0.32)
DNN  0.79(0.32) 0.86(0.23) 0.71(0.39) 0.80(0.28) 0.70 (0.41) 0.70 (0.37)

Note: A represents the period before the disaster i.e. from July 1 to 5, 2018.

B represents the period immediately after the disaster i.e. July 12 to 18, 2018.

C represents the period after the disaster i.e. August 20-26, 2018.

2. W & FE4T L2 5A O CNN-BLSTM O Tl (MAPE) O i #

JLRAAL KER 2 HEMO ST T —% (178 A7)

B R AL 1218 | 71218 | 7/19-25 | 71225 | 7026-88 | 7/12-8/8

BT (FEHE | (FEHEER (%ﬁé{ﬁ (%fjéfﬁ (%fjéfﬁ (%fjéfﬁ
1 ERD) 1 R 2GE[) | 1-28R) | 3-438[) | 1-4 8

R AL 7/26-8/2 7/19-2”5 7/26-8//{2 7/26-8//(2 8/9-15 8/9-12

(BRAET—41) FES®R | FEIER | FEEE | FEXR | F#R | FEER

3 ;E[E) 2 ;E[E) 3 JEH) 3 JE ) 5 B 5 5B [E)

B OfE (51X MAPE)

Ty Fa—= TR LT
RAAL U+ HEERAAL (FH 38.677 22.631 34.864 30.718 23.440 30.009
T —X)THH)

TrArTFa—=THY

(IE Rz 19.257 18.142 22.501 22.211 16.215 16.838
TrA T a—=THY
19.108 18.101 21.422 22.211 17.265 16.097
(EANEEA)




(2) ODXBEDFEHATA

v

MRS 5 - HEY : FriCR8l Ry N — 7 # KR E, RoNT-RHEA 7T %%
ST 5 72 0 12 1E H I A28 — © R 0 3 20 AR T 5 Al T
WFIEOWSLPRDHND. LLEnD, AR TIX, EBREFOMEFH®RT —

(BENANWVERBET —%) ZEHL, BIAFRAE TCOT—F0 b, 24FEH %
DOODZWEZ THT2ET NV ABEMELTORKELZ KL (V—r ¥4 X
K3lZrd &EB80) . EICHWEZRESE £ 7 11X, RNN (Recurrent neural
network), GRU (Gated Recurrent Unit), GRU-+ Dropout, LSTM (Long Short term

Memory), LSTM + Dropout® 5 fEf TV, HI)ITFFEDOD T Osgdi, AT Y%

ODXY DAz, Win & OODRY DA WE, FH  KEZI—Ths. FHXESLM

RIS AR TAHIM 2R E L. THIREOEGRER 2 R4S, THRRELZ KA RT. 5

LN FERMBIIUTO LY THD.

1. KR, BREVWTAOr —AZBNTYH, FEO=2—a VEOENC Fe v 7
TN BWFEESEMNT, FERIC=2—m UMODRNBY 2T X AITHIER
THFE) OBAZLL THRKEOSEITIZE A LRSSV, £, #HKER
ZRE, WEDOODASREDIMAIZE S RO NEWEZ R~ — A 2R L
To. PUTNERRONTNDLEE, RERFEETAVEAME LRy MU — 7 i
WCLERAZR L CHiE & A ETREEDSEEIZ T L LRWT & 2R,

2. —0, HRXERORAMEDENODRBEDTA (2018FSANODRBEDF
B I2OVWTIE, YO TLEALLBEVWEETLEBFZFEOEAICEY —ED
FRAREORENADOND Z L AR,

#£3. FHLIT—F%E> b X3, FRIXR=Y 7O — 2 K5y
5170 T;i:;@ Fesy b ——
. SEE R FH 201746-9 A
(1710) 1 FiE 2017410 H
2. KEH1 e 20184F6-9H
(1810) 1 FiE 20184-10H
3. KEH2 e 20184768 H
(1809) I FiE 201849 A
4. KE# 3 ] 20184-6-7H
(1808) i GiE 20184F-8 A

TE - AN R R 2 330080 T




*

4. ODAZH D TS FE O Lk

Method Num. of Dropout Input Test: 1710 Test: 1810 _ BEODXRBEDIMEIZEIFA
hidden [day] RMSE MAE  RMSE  MAE «
Base 452 272 608 340 o |
80 4 423 320 386 251 @
80 apply 4 1000 794 804 605
RNN 80 5 404 312 456 299 B
100 4 381 261 436 310 g
100 apply 4 974 753 523 326 2 Q A
100 5 502 373 618 411 2
80 4 359 242 419 287 <
80 apply 4 481 327 702 453 § _— ~
80 5 494 368 460 340 = I
LST™M 100 4 342 229 338 230 2 A0
100 apply 4 537 376 659 400 E—
100 5 558 357 411 302 e 1810 'g:* > B
120 5 498 367 446 327 1809 L
80 4 407 259 369 248 1808
80 apply 4 610 445 744 551 © -7 * dropout -
80 5 802 614 470 329 T T T T T
GRU 100 4 486 297 394 273 Base LSTM-80 LSTM-100 GRU-80 GRU-100
100 apply 4 509 380 735 526 L L o
100 Poose am o as 06 4. Sl RIG—IA B T X HOD A i &

(3)
v

TR O PR RS

PP-SPEREICL DE T 54 > 0 J O F LT
WH7EHs s - Y IRMERESEADE

B, A7V a—iHlK%E, Y emmmee > PREHR o—>
Y T DR B D SCHRE R 0 T, TR e
EZHILBMESND. 2T o oL D
A#FFETIE, (DPY v 7 Z2FETL ‘ \

T2 B D 4y IR B IR 0 174 % Rl 42 1S 1R b K
MRS EAKOTHER IOV T ® ‘\\ ey /,‘" >

BEREICHIZE L TH 6 ) A FIE - ot

FRESE L, (2) EiIESHA@ L Cxy CTTTTTTTTTTTTTT T >
WRER DL ERET 5. 5. SP AR DY EA A —
FEOES RO RBIZLL T Oim

n.

1. EfFo7a—T7 =Y &7 7Y (M7 VA7 4 — )b R 2 X—2(Z,
bORBEOHRETY 72 HBE THA @ LG SRR S S A
B (a— Ry itd REHRSZHE) OTEERICET 2SPERME 2345
fEH A ZHE A (KSOHEA A —TVSR) . FEITVTZEZEBT DIV TE
TEZRICEAZEZEKETLHIZLIZKY, BEOSIEICHESEZEOEEHEET
Z .

2. SPEM O FH L Pivoted SPHL DR & L Tk E. BAMICiE, B€T UV 7RAD
EETHBICKYRTINDSPKENELG SMAEZE A (SPEX MR RHIX
M 6% i)




all au 4G 17:35 98% (@) FEIDOBE FEOEE
BN DREE ®16:00-19:00 : 10008
13:38-13:42 ZNBAAORRTS  OMELET,
SEDHRI-DTHDHE. @ OBTRICHL L
BH B LYv— B =5,
13:38 BB AR OBORRSEOEREORE E B, 6 5 S
P — ERTU7REBBT BRICETRERIAS T L
R AR S ERo A, BRIEEESLETN? e O (2) o B
Bl ORLT U PHRERRE | 308 '
13:24-13:33 TOBEICED. KENEML, EETUFRT 1 FINETEA TORBEREL TS
R DSEDH B OBEBENeMEEL T, o
Bi - BRSORY K2 BHEBE AN TEECEETSFILE
13:24 EENE EATHHE BELTRE W,
13:32 /R ® 06:00-09:00 : 1000 EE
= i ® 09:00-16:00 : 500
RE MR BHENEE (EEE -
= (ErE#) ©16:00-19:00 : 1000 Opigzxi, SEERLBEHET S
i i ZRLA O  OFE LET, OBBZEEbPHS
13:15-13:24 SEOBLEEOFHOEE. ©ORERNCEEL | | Opmmsziz
- Bme o ESN
B : HAROEWY w0 200 o0 1900 OEWHh%=ZET 3
13115 EENE : ; ; :
1394 12 OXBFRELEET D
: E2 o E:0
o o o Or®EZEYT 2
RE MR #E
1 ZWESEATORBEBREL T RS
@ W, B
L= TR Rk TR iR TRE

Xl6. SPax [ 4& =
v O FEREF AR
1. FAAFRFH : 20204F1H20H-2H9H (#BrE M4 7= v 2l A IS M)
2. B R YT JRET - BEART GRextR ) 7IENTZR)
3. #EBRFEHC: R, REART, %1004
4, WBREOBRM  BAENBE ) TICHESBULABE TOBEN D D MEA

7. BELRMEREG R T
(72 K&, A REACT)

v ABRDHRTE

AN

1. SPHEMZEZ A I 7 NSPRIEIZ OB & IF 4 2285l
2.

3.

RMERSEANIHEITEERNNY — L DHEEKDEDET VL
Recursive logit| AEIEITENET VA W 2 2 L— 3 Ui




(4) PP-SPERAEIC & HICTRI AN EFBITEICRIT I FEFTE
v jﬁé% B : KESHE, RE7 U7ETIE, BEICML, EwRIT0mBR
RIT, BEORER LY, kxR —EARH—-IN7=T 7y b7+ — A ETHHA

‘(%Zg??Jﬁ)jﬁ&L‘(b\é TOWVoT T 0ERKIE, LA l~7/%3/a >

TOEEBESLCTHAHICE TEEEZRITFL TS, 4%, BZN/EICBIT HEH

P — EX@%]\%%%*@FF?%F%? 2, 2ok 5&?&&@1%%%&,1%_1%%5%/&

EITH Z ENRDODOLND. AL TIE, GO-JEKZIZU D ETHEET 7 U A <

WRLTWDEAL Y RRTT « Uy IAZHiext Iz, ICTHH N ATEFEITENIC LI

BT 5 72 OPP-SPRl A & FE 4 5.
vV HREORM  REOREIZLLTO®EDY .

1. EFo7a—7 =y Fi& 7T 7Y (Mobile Market Monitor(MMM)f-#4 . X8
M) #_X—2Z, ICTFIH (EHEH¥— B X, e-shopping, 7 U NY —H—F
AEOFA) ICHETAITEERAITETCELLHY> TSI KR,

2. 8wy, TAFE), TB#H 2o0WTiE, M)y 7ORBEATEENEGW D
END, eH—EXREHBOTHERICH T HSPERMZER. £1o, eV —
ERAEZFA LM ACK LTIE, e- b —EZXARFHTERWEAEOITHE (5
”%’tt"lﬂﬁfn WAEZHE O DH0) ICET 5 EMHAE L I,

3. FR O E X Pivoted SPRID R & L TRE. EAMICIE, BEEME, B8Y
Em BELEDRPT—EIMNOSPOKEZERT DA ZEAN (SPRRH#E
RBNEX9OS ) .

5349 = -

Ay 90,2019 e LAl

27 28 29 €D . ® e 7 22 2 D P @ @ LAST 30 0AYS
P
[+

Ny, & o e T a
] |
4
% |
%
[ |
N - o~ Detai LAST 7 DAYS
130 £0RC 4 ACTIVITIES cut of home
7 ) @ @ |
& %
Q iz |

X8. MMMt D7 7Y




TIME ACTUAL
[00-08 | || | Home |
| 08 -09 | | Travel H Follow-up Question

09-12 Work
| 12-13 | | Travel |
| 13-17 | | Lunch H Follow-up Question

17-18 Work

— Stated Preference
| 18-19 | | Travel Follow-up Question
| 19-20 | | Shopping Follow-up Question
| 20-21 | | Dinner Follow-up Question
| 21-00 | | Home ‘ Stated Preference Questionnaire Design
from mobile applicationinterface

9. SPix [ #&=

v EREHAE

1. FHERRH : 202051 H21B-2HA38 (28 OPPHA)

2. BB UT i AL RXT - Dy WA

3. HEBRFEH: 3004

4, %EZ%%@E‘% : South JakartalZ 7£ £ X X @ &4 5 GO-JEK =~ — % —
v 51 W%E

leﬂ CEDIEBONRE M ERICET 2 ET Vo

2. e-P— txaﬁ PEIITEARICE T VI 2 L —v g U

3. eV —EREAITHES LHIFIH A~ BB T 5 o
(5) Z0fh

Eff%ﬁ%@&bé (ZOIVHTZ IS T E R DWW T — 8 a2 A 7z, LUF, #R/

9%%@@%%%%&5’:‘9‘6
EERY TU—0 OIEFEMNE
v EHI TR O FERE ST & L TR TV D30T H SN O 43T A & OFREE — ik

ZHT 2O, FHFETHENRED L 5 B E Yy MU —27 OFit & — 2D T

FOHIRIZB W THEZDVEDLDD, ITOWTHIET 572012, 2EEVE T OER X ~
U — 27 ONEERIERM 2 I L 7=, oW ORER, BEMHAL TV HIEE GERR Y U

— 7 DA D RFREBEFATRE O R 1S L, Biideofiiti b/ 7 +—

VU ADENEETHOOE D TH D Z LR INTZ (K105H).
vV ABOTE BRIy NU—7 &BT X NIYIWT S HEND, EEO LR RERAEY
ATNZHSL %y VU — 7 OUIFIEICWETE.




Yokn‘ama

150000 -
Na%oya
(]
é 100000~ Sap‘)rn K'*e
- Osika Area.sg.km
o
£ A & 500
H
s iuk*oka ® Kumﬁnoto frog'ma @ 100
5 ¢ ciye
g Takwaki Sakai i
50000 Gifu . ana‘& k ﬁﬂD‘hlma
Iwata Kori@ma' J‘;ﬁ‘” ] Nara Morigka
Kasugai Matsu | Matsue Isahaya
H . Konifsu A'Ra.?l_ Hiro<aki Kl.‘e
. . oja
o Ch I ¢ ) Otaru .
Tsushima IWiE Zymisano L ‘li!'twsm ¢~ o Dazaifu Naw
0-

10 20 0 40
% Efficiency Reduction (Random Attack 10%)

X10. 10%DEH Y > 7 %7 o X LIZUM L7ZSA0EKE Yy NU—7 OMfgsiE

5.2, KEROHERZIRRICET SSPRAEFENHE

VOB SSERROBIERAMIE T 2 FELE LT, KERO IR 5 SP

AL

FHEIZOWTHE L. KNS RT T AT ALK SESPEMAZRETHZ & T, K

A U7 FRATIRFIA] 00 3 R IRF D H S8 Ry 21 38 47 O BLHI 23 7T

SPERE D & pld iz

AMoRE
piel6, 7, 8, 9, 101757 2 # AT 1 OBRLTL S

RABRIIC AR L 7083 AR & Ik

L
HE.

TREm

py[7, 8, 9IMBTUFLIT1I OBRL T ZE . —
py—[2, 3, A1MBTUF AT DBERL TS0
P01, 0.2]75 T F A1 D@L T EE .
ps[1, 2, 3BT UH AT T OBIRL T &L,
pe—[1, 2, 31BTUFAITT DBERL T ZE.
Py R (/N 0.9, R 0.99) 705 T Z AT DBIRL TS0,
pe— KR (/8 0.6, K 0.89) 75T U AT T OBRL TS EE0,

T 47 B5

BEROER
HEHIF RS =p,

00 05 1.0 15 20

I

ERERADH FEFZI

furkaciicd ]

—

—IRASEEZ

RATHER — 2 B %I P=p,
B — 2 B ORRATIFHT =1 9 DEIZE] x ps
TRATRERI O % (& — 27 W~ 2B T OFRIE & KB =T X py
T (P = tDOHA

BB DB FHRATIEMF ()T~ a(P - ) (¢ < POHE)

T—a(t-P) (t>POEAE)
S (A) OFRITRFR O 53 00 =T X ps + 10
S (B) OFRITHE I 04O =T X p, + 10 Sp Eﬁ FEﬁ

S—T (P+T=SOHE)

T T T T T
10 11

TR TR L 7= A RIS TR T DA ORI © Loy :{”*“" (P+T > SOBE)

i N
e (PHT<SOUE) <HRHEI () & B) R E>

SR (3) OIS ERIES By = EHN(0, 04%) Dp,/S—t > 5 A LAl

(1) BRI BY L TLLF O #a8

HHEHE, (W), B) DL L LOMAICHE LIV TT A,

B [S] B LT
L B) OB EBIES B = TN, 0p*) O/t 5 A il HSEIEI () & (B) 23517 BN 5 IO  BABFAIE, BHRIRIC Ko TR
95 VRS
B (W) OEATEIG  arrA10 = ERUIINGS — By, 03 X (o — B/THO 10 75— 2 5 4 LAl e
arrA30 = EBIHIN(S — Ba, 04 X (f (tone — Ba)/T))P 30 /% 5 ODRKITHEM & BRI O BN E LVHETRI Y 21,
arrAS0 = EHGHHNS = Ba, 04 X (f (tone = Ba)/TI)P 50 75— 2 5 A MAfL I (1) 58 (B)
arrA70 = EBGHEN(S = B, 04 X (f (tone = Ba)/ TP 70 73— 2 2 A AL LTS (A | [IIECS N O |
arrA90 = EEIIHIN(S = By, 04 X (f (bone — Ba)/T))D 90 15— 2 % A )AL TEIATHER  ftone - 0] TEIFATIER = [f tone - 6]
U (B) DEERFAA 1 arrB10 = THIIAIN(S — B, 05 X (f (tone — Bp)/T)) P 10 73— > 4 A Vi —
@TB30 = TN — By, 05 X (F(tone — o)/ TY) O 30 St 2 5 A ILAE E g ST ] ]
arrB50 = EHIIAIN(S — By, 05 X (f (tone — Bp)/T)) © 50 73— > 5 A Ui 5 [EliC 1 BIERARERFLIO () 531 # | larra10—t4] 5 5l | EikaEHEERO 0 5OIEHE | arrB10—tg] 5
arrB70 = WEIRITAN(S — By, 0 X (f (tone — Ba)/T)) P 70 73— 2 5 A )il 5 EIC 1 Bl % | larraso—ta) & [arrB30—t3] 4
arrB90 = IEHIMEN(S = B, 0 X (f (tone = Bp)/T)) P 90 73—t 2 2 A LAl n * | (EEEEm =
S (A) O HFERFEIE) =arrAS0 — f (tone — Ba) 5 [EIC 1 Bl XA IR0 O 5 % | larrazo—ts) 5 larr870 — tg) 5
UL (B) O SR XL =arrB50 — f (tne — Bi) 5 [B1IZ 1 [l EAE IR0 0 5y # | larraso—ta) 5 1 B30 0 550 [arrB90 — 3] 5

11, F RO HFERFZRPUBI T 5 SP

A DO

10




ORERRDRERKR

CRFIED & 18 5 NIHFRRARIZ S0 T, TR SIC R R LI Uk ERR ., 2SI BT 5BRER bR
A

RREREE

1.

10.

11.

#H
12.

13.

14.

15.

Chikaraishi, M., Watanabe, R., Varghese, V., Urata, J., Yoshizoe, K., Shiomi, Y. (2019) On the
possibility of short-term traffic forecasting under road network disruption: A case study of
Hiroshima, Japan, presented in the 15th World Conference on Transport Research, May 2019,
Mumbai, India.

Urata, J., Chikaraishi, M. (2019) Application of Deep Learning to Destination Choice for
Improving Predictability and Generating a Choice Set, International Choice Modelling
Conference 2019, 19-21 August, Kobe, Japan.

Varghese, V., Chikaraishi, M., Urata, J. (2019) Big data, deep learning, and transportation: A
meta-analysis, Paper presented at the 24th HKSTS International Conference, 14-16 December,
2019, Hong Kong.

Varghese, V., Chikaraishi, M., Urata, J. (2019) Deep learning in transportation studies: A
meta-analysis of methods, Paper presented at the Sth Conference of Transportation Research
Group of India (CTRG-2019) , 18-21 December, 2019, Bhopal, India.

EHApE T, (LR REE, HERN, HEE (2019) T u—T =Y UPHE AR L i E
RroTEE =2 Y 7 2@y — B ARG, LARFHEZAITE - SEE, Vol 60
(CD-ROM).

Watanabe, H., Chikaraishi, M., Maruyama, T. (2019) A flexible MDCEV Approach to Analyze
Holiday Time-use Behavior for Leisure Activities, International Choice Modelling Conference
2019, 19-21 August, Kobe, Japan.

NRE, JHEER], SEHAN, BFEIE (2019) K@% v b U — 7 BERRFORA - -
N & A2 B K OSRAT IR O BB RRPE, BRSPS SCEBL (AR E)

Safitri, N.D., Santos, J.R., Safira, M., Varghese, V., Chikaraishi, M. (2019) Road Network
Vulnerability: A Nationwide Analysis of 69 Cities from Japan, 2019 International Conference
on Climate Change, Disaster Management and Environmental Sustainability, Kumamoto,
September 19-21, 2019.

Santos, J.R., Safitri, N. D., Safira, M., Varghese, V., Chikaraishi, M. (2019) Road network
vulnerability: A nationwide analysis of 69 cities from Japan, presented at JSCE conference,
Toyama, November 30, 2019.

Chikaraishi, M., Fujiwara, A. (2020) Optimal design for pretest-posttest multiday panel
experiments: An impact evaluation of owning new mobility vehicle, Presented at the 12th
International Conference on Transport Survey Methods, May 31-June 5, Lisbon (accepted).
Santos, J.R., Safitri, N.D., Safira, M., Vargehese, V., Chikaraishi, M. (2020) Road network
vulnerability: A nationwide analysis of 69 cities from Japan, INSTR, Presented at the 8th
International Conference on Transport Network Reliability, 24-26 June, Stockholm (accepted).

T

Chikaraishi, M., Garg, P., Varghese, V., Urata, J., Yoshizoe, K., Shiomi, Y., Watanabe, R.:
Short-term traffic prediction under non-recurrent congestion: A machine learning approach for
traffic management during disaster, Transport policy (2™ round review).

Varghese, V., Chikaraishi, M., Jana, A.: The Architecture of Complexity in ICT- Travel
Relationships: A New Perspective Through the Review of Empirical Studies, Transportation
Research Part C (3 round review).

Varghese, V., Chikaraishi, M., Urata, J.: Deep Learning in Transport Studies: A Meta-Analysis
on the Prediction Accuracy, Knowledge-based systems (1% round review)

Watanabe, H., Chikaraishi, M., Maruyama, T.: Intra- and inter-individual variations in holiday
time-use considering workday impacts in two Japanese cities, Travel Behavior and Society
(under revision for 2™ round review).

11




OHMERRDEFAAE

(RBFFED DA D TZAF R RIZ DN T, FE~OBEMIC T ISR - BB - 5% 0BRSS EZTEA, £, U

M TSI 5. FIEORKGEECHRIE A O RIS % £ 0 & 5 \CHIRT 5 D>\ TRk, )

EBE~DOBERAICAIT-FALE - FB - SROEM

- JRBRELEFETCRESHMEERE TEL TR, HBEL BT TEORZE NI
DT EfEEMFTT 5.

- PEHGEME AR - 2 - FABETEKERSE~ Y A v Magts) CEEES v
WY LD ZE U TR RZEEEHIC T A — RNy 735,

- IR ETICEM LZPP-SPHE ZX— R, WBRER~AI AL DT Ty 75 —A
(T 7V) OERZFHIOWTHRFT 5.

- BFZERRZ ATREZRIR Y iR S E LT E &, RIRBZETER~ RV A F O FE
TEBMLTD.

HRHBEE TEROHARO#FEHECHREAOREMH

- TR CPINAFEEATE) | ~OIGEE %2 U THER D PN ROERMEED 5.

- ARWFRIZB O TEE L BREN 2 X —RCRETE R~ R A T 7 OBH% % ik
LTITH.

O%inEE
CRBFZED B3 AR, ENANE~DA L8y N, BT R FEAHITEA, £72, FEOHN - BN
Fate. WFZERCROD Ll L SoHER O R I >V T o0 A EEHE B REA, )

PRIEEFER (2019FE3AZE) A Y FADTE

1. BEFOZRGEITEVONTICEET 28GR &, ANZKS S T —HfRIT & O, BEHo T £ 7= i3HE )
ZSBAICE E O, it ED L Z ENEE L.

v OANCESL T H NS T UL REEG AT b Tidhn o &, mAED
I THEMR T NV OEIREIT ) Lo Tl 2T 58N H D Z L 2R LT,
B, sl&fis, MO EBEANIZRD L O ICHRBZEM % BRE L 7k
B3y X LOFEEFREMEFEIZOWTRFZED TN 5.

2. WRAICHD AW RRETEE~RX AL (HDHWE, KEFH~R VAL D)
IR C, ENEE#ERTL2HED RIEN] RBFRICR bW 5, F o keimiy e
ENELND LD, BEWEEX0.

v EPITEIERICHIZEDN D B A FEFHICIRE L CICTO RS % % 2 THFZE 2 it )
LHZ L2 Uiz, BRIITIE, (1) Rl~ R YAV M LTE e e 15 % JEE DO i
IS L (REEER) , Q) BEIUGLTLIALT—va VERIFTED Gk
FEEEETE) WREZAE LK E~ AV A NAT 7V 070 N2 A TOREL %
DEBRHVEAZBLT, PPRRET 7'V 28 @ZHh~ P Ay NHT 7 VICHET S
B A RLIZWEEZ TS,

3. ZERAAZEY— B AR EERB O WM & VO BEEICRNIT 72, RBETE () v kT A
¥ NFREORZICHRT .

v SRS E 2 - EORERICL I AT —2 g VERIET S, ALAIEEE A~
D7 4 —F—F— R LTRHBEVY—ERZFHTLILIVIaA T —ra Va5
F32, Vol FEMEEMARIOEKICET 20 ERGT2TETHD.

12






